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1 Introduction

T A A2 224 RO 3 e ) S SRR R 2R 2 — o TE RN U R 4R A
RIEE N, EABRITRSE, (TR AE kernel PJEER, MM
TESEPR A R SL N . BRSO VAR BB ECRLEE W ASR R - ARG AL
(unstructured). }:£5#4k (semi-structured) DA K &5#ifL (structured)
B . AUAENARTR EAE LLaMA #5583 dEES #fk (unstructured) Al
P&k (semi-structured ) 15T E V5 o ARRFIE I HM B SR LAY AURD 52
ARG, HIEA R SRR IS ERRRE 5 GPU iR (prefill
/ decode) HIHJSEMT. 4, VRTGEARAL—H PDF G A A, SE5R
PISEI, SEIat e . RS R AR Ak DA BN SRR «

2 Preliminaries
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2.0.3 ik uit; (Structured Pruning)
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3 Tasks

3.1 ARSIy
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3.1.1 Magnitude Pruning
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https://github.com/yellowtree123/HW5
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3.1.2 Wanda
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3.1.3 Relative Importance Activation (RIA)
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3.1.4 OWL+Wanda: Qutlier Weighed Layerwise Sparsity
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3.2 PEfEOr
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https://nvidia.github.io/TensorRT-LLM/latest/commands/
trtllm-build.html

ESEAHRE TP FX A0S Tensorrt [t

python examples/llama/convert_checkpoint.py \
--model_dir /path/to/hf_model_or_repo \
—--output_dir /root/autodl-tmp/trtllm_checkpoints/llama_7b \
--dtype floatl6

B 3E TensorRT-LLM engine.

trtllm-build \
—--checkpoint_dir /root/autodl-tmp/trtllm_checkpoints/llama_7b \
--output_dir /root/autodl-tmp/trt_engines/llama_7b_£fpl6 \
--dtype floatl6 \
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python TensorRT-LLM/benchmarks/python/benchmark.py ...
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https://nvidia.github.io/TensorRT-LLM/latest/commands/trtllm-build.html
https://nvidia.github.io/TensorRT-LLM/latest/commands/trtllm-build.html
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3.3.2 HiE T+ Calibration Data Bf#UE: 5 P
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